








































































































































































































ンと市場を捉える軸の抽出手順として提案された。Kotler and Keller（2006, p. 240）の定義を引用



































































tf・idfは，tf という指標と idf という指標の積である。tf は term frequency の略であり，各単語が





















































































の情報は Internet Explore のようなウェブブラウザからは見えないものの，XML 言語では書いて
ある。具体的には次のような記述から抽出する。
〈rdf:li red:resource=http://blog.goo.ne.jp/[blog id]/e/[entry id]/〉











































考え方の変化を明らかにする。Kato and Ninomiya （2013）とKato（2013）はその方法として２分
割型 KIP（2 separated type KIP）を提案した。






















































































































































ティスト協会についての情報は次の URL（ http://www.datascientist.or.jp/ 2013年９月29日確
認）を参照していただきたい。
３ McAfee and Brynjolfsson. (2012, p. 62) は「Business executives sometimes ask us, “Isn’t ‘big data’ just
another way of saying ‘analytics’?” It’s true that they’re related: The big data movement, like analytics
before it, seeks to glean intelligence from data and translate that into business advantage. However, there
are three key differences:」と述べ，その後に本文中で示した量，速さ，そして多様さの３点を指摘
している。
４ McAfee and Brynjolfsson. (2012, p. 62)は，量（Volume）について「As of 2012, about 2.5
exabytes of data are created each day, and that number is doubling every 40 months or so. More data cross
the internet every second than were stored in the entire internet just 20 years ago. This gives companies an
opportunity to work with many petabytes of data in a single data set – and not just from the internet.」と
指摘している。
５ McAfee and Brynjolfsson. (2012, p. 63)は，速さ（Velocity）について「For many applications,
the speed of data creation is even more important than the volume. Real-time or nearly real-time
information makes it possible for a company to be much more agile than its competitors.」と述べ
ている。
６ McAfee and Brynjolfsson. (2012, p.63)は，多様さ（Variety）について「Big data takes the form
of messages, updates, and images posted to social networks; readings from sensors; GPS signals
from cell phones, and more. Many of the most important sources of big data are relatively new.」
と説明している。
７ McAfee and Brynjolfsson. (2012, p. 64)は，ビッグデータの経営における意義に関連して「In
particular, companies in the top third of their industry in the use of data-driven decision making
were, on average, 5% more productive and 6% more profitable than their competitors. This
performance difference remained robust after accounting for the contributions of labor, capital,
purchased services, and traditional IT investment. It was statistically significant and
economically important and was reflected in measureable increases in stock market valuations.」
と述べている。
８ Barton and Court (2012, p. 80)は，「First, companies must be able to identify, combine, and
manage multiple sources of data.」と述べている。また別の箇所で Barton and Court (2012, p. 80)
は「Often companies already have the data they need to tackle business problems, but managers
simply don’t know how the information can be used for key decisions.」あるいは「Managers also
need to get creative about the potential of external and new sources of data.」とも述べている。
９ Barton and Court (2012, p. 80)は，「Second, they need the capability to build advanced analytics
models for predicting and optimizing outcomes.」と説明している。また別の箇所で Barton and
Court (2012, p. 81) は「Data are essential, but performance improvements and competitive




10 Barton and Court (2012, p. 80)は，「Third, and most critical, management must possess the
muscle to transform the organization so that the data and models actually yield better decisions.
Two important features underpin those activities: a clear strategy for how to use data and
analytics to compete, and deployment of the right technology architecture and capabilities.」と
述べている。
11 Davenport and Patil (2012, p. 72) は，「the “data scientist”. It’s a high-ranking professional with
the training and curiosity to make discoveries in the world of big data.」と述べている。
12 Davenport and Patil (2012, p. 72) は，「While those are important breakthroughs, at least as
important are the people with the skill set (and the mind-set) to put them to good use. On this
front, demand has raced ahead of supply. Indeed, the shortage of data scientists is becoming a
serious constraint in some sectors.」と指摘している。
13 Davenport and Patil (2012, p. 73) は，「What kind of person does all this? What abilities make a
data scientist successful? Think of him or her as a hybrid of data hacker, analyst, communicator,
and trusted adviser. The combination is extremely powerful – and rare.」と述べている。さらに
Davenport and Patil (2012, p. 73) は，「But we would say the dominant trait among data scientists
is an intense curiosity – a desire to go beneath the surface of a problem, find the questions at its
heart, and distill them into a very clear set of hypotheses that can be tested.」とも説明している。
14 Davenport and Patil (2012, p. 74) は，「A little less surprisingly, many of the data scientists
working in business today were formally trained in computer science, math, or economics. They
can emerge from any field that has a strong data and computational focus.」と指摘している。
15 Davenport and Patil (2012, p. 76) は，「Data scientists today are akin to Wall Street “quants” of
the 1980s and 1990s. In those days people with backgrounds in physics and math streamed to
investment banks and hedge funds, where they could devise entirely new algorithms and data
strategies.」と指摘している。
16 Davenport and Patil (2012, p. 76) は，「Then a variety of universities developed master’s
programs in financial engineering, which churned out a second generation of talent that was
more accessible to mainstream firms. The pattern was repeated later in the 1990s with search
engineers, whose rarefied skills soon came to be taught in computer science programs.」との過
去の金融工学やコンピュータ科学の事例を示している。
17 Davenport and Patil (2012, p.76) は，「One question raised by this is whether some firms would
be wise to wait until that second generation of data scientists emerges, and the candidates are
more numerous, less expensive, and easier to vet and assimilate in a business setting. 」と述べて
いる。さらに，Davenport and Patil (2012, p. 76) は，「The problem with that reasoning is that
the advance of big data shows no signs of slowing.」と指摘している。
18 Davenport and Patil (2012, p. 76) は，「If companies sit out this trend’s early days for lack of
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talent, they risk falling behind as competitors and channel partners gain nearly unassailable
advantages. Think of big data as an epic wave gathering now, starting to crest. If you want to



































































29 Cukier and Mayer-Schoenberger (2013, p. 29)は「The first is to collect and use a lot of data












Mayer-Schoenberger (2013, p. 30) は「But it falls apart when we want to drill down into
subgroups within the sample. What if a pollster wants to know which candidate single women
under 30 are most likely to vote for? How about university-educated, single Asian American
women under 30? Suddenly, the random sample is largely useless, since there may be only a
couple of people with those characteristics in the sample, too few to make a meaningful
assessment of how the entire subpopulation will vote. But if we collect all the data -“n=all,” to use
the terminology of statistics- the problem disappears.」と述べている。
33 Cukier and Mayer-Schoenberger (2013, p. 29) は，「The second is to shed our preference for
highly curated and pristine data and instead accept messiness: in an increasing number of
situations, a bit of inaccuracy can be tolerated, because the benefits of using vastly more data of








36 Cukier and Mayer-Schoenberger (2013, p. 29) は，「Third, in many instances, we will need to
give up our quest to discover the cause of things, in return for accepting correlations.」と指摘し
ている。更に同じ p. 29では「Big data helps answer what, not why, and often that’s good enough.」
とも述べている。これらの主張は因果関係の発見を否定しているものではない。発見できるなら
良いがそれは困難だし，発見できなくとも有益であり得るという考えを示している。これは
Cukier and Mayer-Schoenberger (2013, p. 32) の「Of course, knowing the causes behind things is
desirable. The problem is that causes are often extremely hard to figure out, and many times,





















42 2013年９月２日豺に開催された，統計教育大学間連携ネットワーク FD 講演会「ビッグデータ
時代の統計教育」における「Challenges and Opportunities for Statisticians in the Era of Big
Data」と題された講演




45 Kato (2010) はそれぞれの変数を中村（2008）に依拠してより詳細に説明した上で，図表中の
変数一つひとつを更に詳細に表（p. 4とp. 28, Table 2-2）にまとめているので参照していただき
たい。
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KIP as the Platform of Data Science Research and Education in Marketing
Junichi Kato
Nowadays, researchers and business persons pay attention to the big data and data scientists and point
out the importance of them. Having nothing to do with their standing-points about big data, researchers
share the notion of the data centric era. In other words, engineers lead the academic development of this ﬁeld
even though the ﬁeld is related to business. 
When we face this reality, this paper proposes to set KIP as the platform of data science research and
education in marketing. KIP is the procedure to execute market segmentation and to extract the principal
axes for explaining the markets by using blogs’ texts as data.  In this paper, the background and procedure
of KIP are explained.
Even if marketing researchers and business persons cannot create programs like engineers, because the
platform is already prepared marketers can contribute from their professional fields. In addition, the
contributions of marketers are accumulated without scattering and losing them. Such a merit is assumed.
Finally, remaining future research problems are shown as follows. The ﬁrst problem is the improving of
the computer programs for users’ facilities. The second problem is the limitations of the programs
themselves. In other words, this type of problem needs rewriting of the some parts of the programs. The last
problem is to need to scrutinize the existing papers of marketing theory and its related researches. These
problems and ideas for solving these problems are summarized.
Keywords: KIP, Data science, Big data, Marketing
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